Fall 2007

Time: T-Th 5:00pm - 6:20pm
Location: GFS118

Instructor

Office: SAL 216
Office hours: by appointment

Teaching assistant TBA
Office hours: TBA

Class web page:
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most specific hypothesis, S

most general hypothesis, G

h [ H, between Sand G is
consistent

and make up the
version space

(Mitchell, 1997)
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Example X1 Xo X3 X4 |V
1 O O 1 00
2 O 1 0 00
3 O 0O 1 11
4 1 0 0 1|1
5 O 1 1 00
6 1 1 0 010
7 O 1 0 10

Rule Counterexample
true y 1
X1 Y 3
Xo Y 2
X3 Y 1
Xqa Y /
X1 Xo Y 3
X1 X3 VY 3
X1 Xa Y 3
Xo X3 Y 3
Xo Xgq Y 3
X3 Xgq4 Y 4
X1 X2 X3 VY 3
X1 X2 Xg Y 3
X1 X3 Xgq4 Y 3
Xo X3 Xgq4 VY 3
X1 X2 X3 Xgq4 VY 3
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